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Fig. 1. Flow chart summarizing the six major steps of the methodology 3

framework for rfMRI analysis.

Innovation Poi

STEP 1
Defining Brain Parcels

v Individual Parcellation >> Group Parcellation
v Functional Parcellation >> Anatomical Parcellation

v Surface Parcellation >> Volume Parcellation
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Innovation Poin

v Individual Parcellation >> Group Parcellation

STEP 1
Defining Brain Parcels




Innovation Point 1

v Functional Parcellation >> Anatomical Parcellation

STEP 1
Defining Brain Parcels
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Innovation Point 1

v Functional Parcellation >> Anatomical Parcellation
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Innovation Point 1

v Functional Parcellation >> Anatomical Parcellation
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Innovation Point 1

v Functional Parcellation >> Anatomical Parcellation
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unveiled with functional connectivity gradients
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Brain atlases are fundamental to understanding the topographic organization of the human brain, yet many contemporary
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Innovation Point 1

v Functional Parcellation >> Anatomical Parcellation
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Innovation Point 1

v Surface Parcellation >> Volume Parcellation

STEP 1
Defining Brain Parcels
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Innovation Point 1

v Surface Parcellation >> Volume Parcellation
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Innovation Point 1

v Surface Parcellation >> Volume Parcellation
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Innovation Poi

v Surface Parcellation >> Volume Parcellation

7 Networks 17 Networks

g
3
8
£

Networks

Parcel Assignment
to Yeo Networks.

Network Structure
of gWMRF Parcellation

PEOE L
0000 06
Tnn
06 06 06

Schaefer et al., 2017. Cereb Cortex 17

17

Innovation Point 1

v Surface Parcellation >> Volume Parcellation
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Innovation Point 1

v Surface Parcellation >> Volume Parcellation
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Innovation Point 2

sterz ¥
Estimating Functional
Connectivity (regularized
and un-regularized)

v regularized partial correlation
> full correlation

e.g., Tikhonov and SGGGM
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methods for fMRI. Neuroimage. 2020:116604.
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Innovation Point 2
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Thanks for your attention!
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Innovation Point 2
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'ridgep' - partial correlation using L.2-norm Ridge Regression (aka Tikhonov)
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